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High sugar content

High protein level
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Why Genomic Selection?




DNA-profile
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Breeding and selection
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Scientific Challenges
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Genotyping-by-Seqguencing
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5-20 x fragments pr F2 per loci

1,820,000 SNP markers
Elshire et al., 2011 (PLoS ONE 6(5): 19379 )
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Prediction Accuracy |

R §

Predictive ability Prediction accuracy
~ U r(g) yl)

r(g,”.) r(g,9) =
9977197

Heading date

-
rust resistance 0.69

| heading date 1.00

| salt tolerance 0.45
TKW (0.37)*
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rst GWS models including components Trial, ID,, and Id;

40

plains most of the training set phenotypes

ediction accuracy sufficiently high for most traits

lidation of prediction models in 2015- % °

art search for genes with major QTL effects o

rhaps include more exotic material in the future -
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| love breeding

(let the computer do the hard work for you)

HANK YOU!
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